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50 MOST APPEARED KEYWORDS (2023)

reinforcement learning
deep learning

repr ion learning
raph neural network
ransformer

federate learning
self-supervised learning
contrastive learning
robustness
generative model

continual learnin

neural networl

transfer learnin

diffusion mode
generalization
language model
computer vision
knowledge distillation
. . vision transformer
offline reinforcement learning
optimization
) . fairness
_differential privacy
semi-supervised learning
unsupervised learning
deep reinforcement learning
machine learning
interpretability
meta-learning
) adversarial robustness

multi-agent reinforcement learnin
large language mode
optimal transport
data augmentation
few-shot learning
domain generahzatloln
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® Experimental result
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Biogy’s Greatest
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biological science as we know it

DeepMind's latest Al breakthrough can
accurately predict the way proteins fold

Has Artificial Intelligence ‘Solved’ Biology's
Protein-Folding Problem?

12-14-20

DeepMind’s latest Al
breakthrough could turbocharge
drug discovery
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Simvastatin
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A Drug O Protein
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Zitnik et al., Modeling Polypharmacy Side Effects with Graph Convolutional Networks, Bioinformatics 2018



HHER(ESS2: EYEFEHEIETI

Rank | Drug ¢ Drug d Side effect r Evidence found
2 | Tigecycline Bimatoprost  Autonomic neuropathy
3 Omeprazole Dacarbazine  Telangiectases
D Minoxidil Paricalcitol Cluster headache
[6 | Omeprazole  Amoxicillin  Renal tubular acidosis Russo ef al. 2016
7 | Anagrelide Azelaic acid  Cerebral thrombosis
IE Atorvastatin ~ Amlodipine ~ Muscle inflammation  Banakh et al. 2017

[9 | Aliskiren Tioconazole  Breast inflammation  Parving et al. 2012
10 | Estradiol Nadolol Endometriosis
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